
Learning from Imbalanced Data: An Overview and the DataBoost-IM Algorithm 
 
Learning from imbalanced data sets, where the number of examples of one (majority) 
class is much higher than the others, presents an important challenge to the machine 
learning community. Many real world applications involve learning from imbalanced 
sets, such as fraud detection, oil spill detection and text classification. Traditional 
machine learning algorithms may be biased towards the majority class, thus producing 
poor predictive accuracy over the minority class.  
 
In this talk we overview of techniques that aim to address the class imbalance problem. 
We also describe our method that combines boosting, an ensemble-based learning 
algorithm, with data generation to improve the predictive power of classifiers against 
imbalanced data sets consisting of two classes. 
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